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e Regression models are trained to predict Key Findings
UX metric values from hardware specs
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R? fits and MAAPE errors of GBRT predictors:
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typical end-user tasks, including web browsing, (White cells denote feature importance below 0.05)
document editing, audio/video playback when CPU thread count has high importance across all predictors
Chromebooks are on AC power Many predictors are vendor-agnostic: generalize purely on specification numbers
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